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ABSTRACT

With the expansion of digital culture, an in-depth reflection on how to research audiences is necessary. If, formerly, the
individual was placed in a social category that defined cultural tastes, now technology identifies patterns of behavior
from the direct record of their actions. T his text explores the type of knowledge that can be obtained on audience
participation on TikTok. We propose a methodology that consists of the analysis of usage metadata. The fieldwork
focuses on “Ac2ality”, an information account with 4.4 million followers in Spain. We analysed all videos shared
over six weeks of the first quarter of 2023 (n=173). The purpose was to find (a) the degree of the linear correlation
between the metadata for the same video and (b) the existence of correlations between metadata and type of video/
content. For each metadatum available with open access (comments, likes, saves, shares and views), four activity levels
have been established (low, intermediate, high and very high). The majority trend indicates that the levels obtained
by the metadata of the same content are not coincident, that is, a video will have more or less scope according to the
observed metadata. The homogeneity of the videos means that only clear correlations between topic and metadata
are detected. Topics with less presence can reach high levels of activity.

RESUMEN

Con la expansién de la cultura digital, es necesaria una reflexién profunda sobre cémo investigar las audiencias. Si antes
el individuo era ubicado en una categoria social determinante de los gustos culturales, ahora la tecnologia identifica
pautas de comportamiento a partir del registro directo de sus acciones. Este texto explora el tipo de conocimiento
que puede obtenerse sobre la participacién de la audiencia en TikTok. Se propone una metodologia que consiste en
el andlisis de los metadatos de uso visibles. El trabajo de campo se ha centrado en “Ac2ality”, cuenta de informacién
con 4,4 millones de seguidores en Espana. Se han analizado todos los videos compartidos durante seis semanas del
primer trimestre del afio 2023 (n=173). La finalidad era conocer (a) el grado de correspondencia lineal entre los
metadatos de una misma pieza y (b) la existencia de correlaciones entre metadatos y tipo de video/contenido. Para cada
metadato disponible en abierto (comentarios, “me gusta”, guardados, compartidos y reproduccién), se han establecido
cuatro niveles de actividad (bajo, medio, alto y muy alto). La tendencia mayoritaria sefiala que los niveles obtenidos
por los metadatos de un mismo contenido no son coincidentes, es decir, un video tendra mas o menos alcance segiin
el metadato observado. La homogeneidad de los videos hace que solo se detecten correlaciones claras entre tema y
metadatos. Los temas con menor presencia pueden alcanzar niveles de actividad altos.
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1. Introduction and State of the Issue

The continuing changes in the means of production and distribution of media contents forces the
constant redefinition of the best way to research audiences. If we focus on the area of metering, we find
that the value given to traditional studies on representational population samples is becoming hazy. On
the one hand, the ever-growing global hyperconnectivity has weakened the usefulness of working with
populational universes the statistical representativity of which is determined by territories with physical limits,
and on the other, the extreme personalization of digital consumption has favored an increase in minority
consumption with registers beyond the reach of major surveys (Garcia-Orosa et al., 2023; Huertas, 2002,
2015; Livingstone, 2019; Wolton, 1999). With the development of digital technology, age-old controversies
have been revived: the use of sociodemographic classifications for the comprehension of media consumption
is again open to question as digital traces stand out as the best source of information on audience behaviou r
(Andersen, 2020; Fisher & Mehozay, 2019; Fulgoni & Lipsman, 2017; Hallinan & Striphas, 2016; Huertas,
2015; Jensen, 2019; Lawlor, 2020; Livingstone, 2019; Reder, 2012; Webster, 2016). Sociodemographic
classifications have never been free of criticism, despite the fact that the classification criteria have been
constantly adjusted in accordance with socio-economic changes. Let us not forget the argument between
those who defend the concept of “social class”, defined as the “undisputed theoretical superhero” (Hartley,
2000), and those who believe it is more appropriate to speak of “lifestyles” (Huertas, 2002). But nowadays
these sociodemographic variables are totally debatable. Some believe that the uniformity of traditional social
groups was merely an illusion (Jones, 2023). With this background, new modes of researching audiences
must be conceived and tested.

In the area of digital culture, the idea that a video may attract different people is growing and,
therefore, it is enough to find the “patterns of affinity”. The algorithmic epistemology rejects social
ascription and classifies the individual into predictive consumer categories (Fisher & Mehozay, 2019).
The algorithms function on the basis of the register of user interactions, who they follow and whose
decisions they calculate (Fisher, 2015; Garcia-Marin & Serrano-Contreras, 2023; Riemer & Peter, 2021).
The users feed the algorithms and this is precisely what makes them work (Andersen, 2020; Jensen,
2019). This vision consolidates the importance of an empathic relationship between the public and the
creators of the contents they follow, as they must feel that they have shared tastes, interests and desires
(Fisher & Mehozay, 2019) and, in addition, the possibility that the audience may become aware of their
continued monitoring means that we can refer to digital activity as a political act, in which it is possible
to create “algorithmically imagined audiences”, or anti-publics, based on the control of the algorithms
(Bucher, 2017; Fisher & Mehozay, 2019; Warner, 2012).

Digital technology fosters self-segmentation processes and this generates another different type of
audience knowledge, although this may not be considered more exact than that offered by representative
samples (Fisher & Mehozay, 2019). Rifkin (2000) predicted that, in the end, we would refer to
relationship technology instead of information technology, and the theory of cultural omnivorousness,
based on the rejection of social class as the deciding factor in cultural tastes, may also be re-assumed
so as to understand this new type of media consumption (Ferndndez Rodriguez & Heikkila, 2011).

A key theoretical issue is whether we may understand the functioning of algorithms. Andersen (2020)
states that, as occurs with many other cultural artefacts, it is impossible to have direct access to the meaning
of algorithms. He explains that, even if we understand their design, we cannot comprehend their workings,
as algorithms are mutant, they vary as an effect of the constant information generated by their continued
interaction with the users. With full awareness, then, of the difficulty involved in accepting the challenge of
understanding the dynamics of algorithms, the objective of this text is to make a primary exploration based
on the analysis of the visible use metadata. It begins with the typology prepared by Fisher (2015), who
differentiated between public data (contributions by the direct and visible open users), private (confidentially
shared information) and metadata (information generated automatically by the algorithms). In addition,
it takes into account the metadata concept of use. Developed in the area of archivistics, it refers to the
information on the access to and consulting of documents (Méndez Rodriguez, 2003).

Nevertheless, we must underline that the study of algorithms already exists. Broadly speaking, the
technical opacity, the lack of transparency of the process and the presence of ethically questionable biases
are the aspects that receive most attention (Lawlor, 2020; Noble, 2018; Pasquale, 2015; Thomas et al.,
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2018). In contrast, issues such as the partiality and decontextualization of the information they offer, as
stated by Livingstone (2019), barely received any attention. T here are two different lines of research: one
investigates how algorithms are built, trained and adjusted (Dourish, 2016; Flyverbom & Murray, 2018)
and the other focuses on the users. Within the framework of the second line, although studies based on
the data generated by the algorithms themselves stand out, (Andersen, 2020; Bucher, 2017), empirical
works on population samples also appear. An example of the latter is the proposal by Lomborg and Kapsch
(2020) who analyse the algorithmic experience (awareness, feelings it generates and assessment). T hese
authors finally reject the idea that the algorithms know more about the users than they do themselves.

The specific question guiding us on accepting the challenge is regarding what type of information is
offered to us by the analysis of the metadata, and, more precisely, the metadata of use. Although it is an
issue the answer to which demands continuing empirical reflexive work, we propose to initiate this route
and, to do so, we have chosen the “Ac2ality” account, available on TikTok, as our case study. Various
scientific studies have focused on investigating the social networks, including TikTok (Estrada-Garcia &
Gamir-Rios, 2023; Garcia-Marin & Salvat-Martinrey, 2022; Pérez-Escolar et al., 2023; Vazquez-Herrero
etal., 2021), but most focus on production and offer, and do not exhaustively address new perspectives
on audience studies.

TikTok, launched in 2017, is the international version of the social network of Chinese origin based
exclusively on airing dances and music, which had been inaugurated the previous year (Abidin, 2021).
On TikTok, the users share short videos, to which they may add animated backgrounds, sound effects
and various visual effects. At the beginning, the time limit was under one minute and, since 2022, they
may last 10 minutes. They play in loop mode, but may also be saved. The available interactions are
comments, sharing and likes. In 2020, TikTok announced that its recommendation system was highly
individualized based on knowledge of the user interactions, of the videos followed and of the data on the
connection (Jones, 2023). It is designed to hook the users (Lovink, 2019). TikTok is one of the favourite
social networks for young people, with marked penetration in Latin America (Martinez-Estrella et al.,
2023). In Spain, one of the countries with the greatest penetration rate for this network (Newman,
2022), the highest affinity level is among 18 to 24-year-olds, among whom the daily average for visits
is over 1500; thus, it is close to the levels for YouTube and Instagram, much higher than for Twitter or
Twitch, where the daily average for visits is approximately 500 in this age group (Comscore, 2023). The
IAB data (2023) also reflects the success of TikTok in Spain: it is the network with the greatest growth
over the last three years (views have increased by 109% in one year); it is among the five favourites and,
after Instagram, generates the greatest interaction.

The reason for choosing TikTok was this greater precision in the individualized recommendations,
apart from its success in Spain. But it was necessary to narrow down the elements for analysis and, to do
so, we opted for “Ac2ality”, a Spanish company founded in 2020. This choice has taken into account due to
its success and the fact that it is involved in the area of news, as this article comes within the framework of
a research project on the following of political affairs by young people in Spain. The main channel content
of “Ac2ality” on TikTok, addressing a young audience, is made up of videos which summarize a selection of
news items published on other news media. Comscore (2023) states that its number of followers in Spain
is close to 4.4 million, and Atresmedia has recently signed an agreement with the company to be one of its
shareholders (Martinez, 2023). The Reuters Institute has classified it as a “news medium” and places it as
the third TikTok news account with the highest viewing average in the world, after “NBC News” and “Gl-
Globo” (Newman, 2022).

Our aim is to find what type of knowledge can be obtained on TikTok audience participation based
on a methodological proposal of the analysis of the metadata use available with free access. We began
with two hypotheses: 1) there is linear correlation between all the metadata, that is to say, all the metadata
for one video are closely aligned, either at the range of high or low values; 2) the levels of participation
reflected by the metadata depend on the content of the material viewed.

2. Material and Methods

The corpus produced for the analysis of the “Ac2ality” metadata is made up of all the videos
uploaded to its TikTok account over 42 days in the first quarter of 2023 (n=173). Between April 3
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and 15 2023, we extracted the videos posted in January (third and fourth weeks), February (first
and second weeks) and March (second and third weeks). Given that “Ac2ality” focuses on current
affairs, these dates were chosen to avoid, in as far as possible, key moments such as holiday periods
or the organization of media events.

In order to design the analysis file (definition of variables and categories for analysis), a first exploratory
observation of a sample of 25 videos was carried out. The material was viewed by the three authors of
this document, and helped us to design a consensual analysis file and to define the classification criteria
in order to guarantee objectivity in gathering the information for the definitive corpus. The final analysis
file was structured as follows:
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- Identification data: ascription of an identification number and registration of the date and day of
posting, together with its total length expressed in seconds.

- Format. Four categories were defined: summary (video with five news headlines), news (video news
item), advertising (advertising video) and internet clip (re-edited video from internet), and others (videos
not fitting into the previous categories).

- Presence of the team responsible. The manner in which the individuals identified as part of the
“Ac2ality” team was observed, which allowed us to define for categories: at the start, at the start and
the end, constant (in over 80% of the video or completely) and absence.

- Use of hashtags. The number used in each video was registered and, in order to have a list of the
hashtags and the periodicity of their appearance, each was copied literally.

- The use of mentions of other profiles. T he number used in each video was registered and, in addition,
each of the mentions was copied literally.

- Register of metadata use: (visible number of) likes, commentaries, views, shares and saves.

Table 1: Characteristics of the Analysis Corpus (n=173).

Variable Category N % (of total corpus)
News 110 63.6
Summary 30 14
Format Clips 21 12.1
Advertising 5 29
Others 7 4
Start 79 457
Presence of team Start and end 20 11.5
responsible Constant 42 243
Absent 32 18.5
Yes 136 78.6
Hashtags No 37 214
Mentions of profiles Yes 10 57
on networks No 163 94.3
Day of posting Weekdays 159 92
Weekend 14 8
< 20”7 23 13.3
Length Between 21” and I’ 142 82
> | 8 4.7

In addition, to further address the specific aspects of the videos in news formats, for this portion of the

sample two more elements were added (table 2):

Subject. Based on our viewing of each video and the reading of the accompanying texts, particularly the
hashtags used to identify each subject, nine subject categories were defined: international; private life of
public figures; science and health; technology; politics (Spain); gender-based violence; economy, sport and
culture. The category “others” was unnecessary, as all the videos in the sample could be classified.
Information on media cited as origin of news. The headers and channels mentioned were registered,
which, apart from resulting in a complete list of the referenced media, established for categories: press,
television, digital media and radio, and others (for example, “newsletters”).
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Table 2: Characteristics of

ews ltems in Analysis Corpus (n=110).

Variable Category N (citations) % (of total news items)
International 32 29
Private life of public figures 21 19
Science and health 12 11
Technology 12 11
Subject Politics (Spain) 11 10
Gender-based violence 7 6.3
Economy 6 55
Sport 5 4.5
Culture 4 3,7
Variable Category N (citations) % (of total citations)
Press 495
Media type given as Television 31 29.5
. " Digital media 19 18
origin of news Radio 1 T
Others

Notes: *In the quantification of the citations, duplications of a medium have not been eliminated, as it is of

interest to know the total weight by category; 27 news items (24.5%) do not indicate any media as the origin of the
information.

Before setting on the definitive version, the analysis file was tested by two of the researchers who
signed this article and then the data gathering was done manually. We must remember that TikTok did
not offer access to an academic API at the moment when the fieldwork was done (TikTok, 2022). But
above all, it must be emphasized that careful viewing of all the materials was needed to identify all the
variables and establish the corresponding categories. The information gathered was systemized on an
Excel spreadsheet for its later analysis.

In the original plan, it was intended to carry out the differentiated analysis of the older videos and the most
recent ones, given that the time available for content is considered decisive for its consumption. Initially, it was
planned to classify the corpus in accordance with the months of posting (January: 73 videos, February: 41 videos
and March: 59 videos). However, once this classification had been made, it was seen that the result did not
offer subsamples with homogeneous data in accordance with the timeline. Five levels for each metadatum had
been established (low, average, intermediate, high and very high) and the most outstanding case, as regards the
slight difference in the metadata in accordance with the exposition time appeared in the number of comments.
The differences were minimal. For example, 39% of the January videos, 41% of the February ones and 42%
in March were at the low level.

This led us to discard the idea of subdividing the corpus in accordance with the time passed since
its posting, so work was begun on the corpus as a whole. Nevertheless, this process of classification and
analysis by month of posting was very useful in the end to refine the definitive ranges of the levels of each
metadatum.

Table 3: Ranges of Audience Levels.

Activity D C B A
Comments 9-299 300-999 1000-4999 + 5000
Likes 5720-49999 50000-149999 150000 399999 + 400000
Saved 97-999 1000-4999 5000-19999 + 20000
Shared 11-499 500-1499 1500-5900 + 6000
Views 45000-299000 300000-699999 700000-1999999 + 2 million

In the methodological design, we proposed to work with for levels: low (D), average (C), high (B) and very
high (A). That is, we chose to avoid the intermediate range in order to more clearly detect positive or negative
tendencies. In addition, each range had to be plainly defined so as to guarantee a significant number of videos
for each. Finally, to adapt the methodology to the analysed case, we decided to define the initial and final values
for each range based on the analysis of the audience participation in “Ac2ality”. For a level D, the initial value
was determined by the lowest metadatum registered
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3. Analysis and Results

The results have been grouped into two blocks based on the proposed hypotheses: 3.1) presence of
linear correlation between the metadata obtained by each video and 3.2) presence of correlation between
metadata and video/content type.

3.1. Presence of Linear Correlation Between the Metadata Obtained by Each Media

Table 4, which reflects the information for the total corpus, confirms the diversity of percentages appearing
at each level. If the levels for the metadata of each video individually tended to behave homogeneously, either
in a framework for a low, average, high or very high level, the percentages for each column should be similar.
By detecting that both the number of videos and the percentages that reach the high level (B) and very high
level (A) in “shared” and “views” are similar, it has been found to what extent these metadata correspond
to the same videos, and this information leads us to believe that this fulfils our first hypothesis. However,
the results indicates that this linear correlation for these two metadata is quite insignificant: the number of
videos that coincide at level B in both metadata is 25 (and not 46, which table 4 may lead us to think), and
those that reach level A in those two metadata make up a total of 8 (and not the 13 classified as potentially
coincident in table 4).

On observing the percentage data at each level, we see that at the lowest level (D) 41% of the sample
regarding the metadata quantifying the commentaries appears; 45.7% for “likes”; 30%, for “saved”; 37.8%, for
“shared” and.34,3 %, for “views”. That is to say, the difference in percentage points within the D level for all
the meta data between the highest and the lowest values is 15.7, with the highest percentage for “likes” and
the lowest for “saved”. The mean level (C) shows the highest percentage difference, 22.3 points: the highest
value appears in “saved” (48.5%) and the lowest in “shared” (26.2%). At the high level (B), the difference is 159
percentage points: the highest value is in “shared” (28%) and the lowest in “likes” (12.1%). For the very high level,
the difference is 5.1 percentage points. This is a smaller difference, but we must take into account that the figures
are much lower in this range. Here, the highest value appears in “views” (8.2%) and the lowest in “comments”
(2.9%). On this absence of linear correlation of the metadata regarding participation levels, also noteworthy is
that the highest indexes at each level appear in different metadata and the same occurs with the lowest levels.
That is, we do not detect the tendency for one metadatum to stand out in either way.

Table 4: Distribution of Corpus in Line with Audience Level (n=173).

Activity L C & &
N % N % N % N %
Comments 71 41 62 35.8 35 20.2 5 29
Likes 79 45.7 66 38.1 21 12.1 7 4
Saved 52 30 84 48.5 29 16.7 8 4.6
Shared* 62 37.8 43 26.2 46 28 13 8
Views** 58 343 51 30.1 46 27.2 14 8.2

Notes: *This information is only available for 164 videos of the corpus (the % of this total). **This information is
only available in 169 videos of the corpus (the % is of this total).

When we check how many videos place all the metadata at the same level, we find there are 43 (25% of the
sample). The majority, 31 (18%) remain at the low level, the most numerous. This group brings together videos
in all formats: summaries (15), news items (10), others (3), advertising (2) and clips (1). It must be emphasized
that this is where 50% of the summaries registered in our fieldwork are to be found, and that this is the precise
format that “Ac2ality” most uses to promote themselves. T he remainder is distributed as follows: 8 (4.6%) place
all their metadata at level C; 2 (1.1%) at level B and another two 2 (1.1%) at level A. The latter two are news
items (video 7: “Clara Chia sobre la cancién de Shakira” and video 39: “El ndcleo de la tierra se ha detenido”).

Finally, the level of dispersion has been checked and the majority tendency is that it is placed at two
contiguous levels. This occurs with 91 videos (52.6%): 44 (25,4%) present metadata in D and C; 36 (20.8
%) in C and B, and 11 (6.3%) in B and A. Only 24 videos appear in three juxtaposed levels: 17 (9.8%) have
metadata at levels D, C and B, and 7 (4%), at C, B and A. Only video 21 (internet clip: “Brote de tifa en
Espafa”) presents the highest possible spread (very high: “shared”; high: “views”; intermediate: “saved” and
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“likes”; low: “comments”). The same occurs with video 59 (news item: “El reality show de Anna Sorokin”),
which presents metadata at non-contiguous levels, in A (“‘comments”) and in C (the remaining metadata).

3.2. Presence of Correlation Between Metadata and Content

We will now analyse the behaviour of the metadata in accordance with the format and the presence on the
videos of individuals identified as members of the “Ac2ality” team. Having analysed the total variables gathered in
the analysis file, these two are the only ones that allow analysis in some depth. In general, the remaining variables
have been dismissed as they had a homogenizing effect on the corpus (because one of the categories stood out
very much over the remainder): “Ac2ality” concentrated its activities on weekdays (92%); regarding the length of
the corpus, although the shortest video lasts 4” and the longest 1'50” (both are internet clips), 82% are between
21” and 607 regarding hashtags, 79.6% of the corpus includes at least one and, although it has been found that in
48% of the cases hashtags are used to identify the subject and a list of the most frequently used hashtags has been
produced (#explicamelofacil: in 52.6% of the videos; #aprendiendoconTikTok: 23.7%; #noticiaslminuto2023:
22%; #NoticiasT ik Tok: 18% and #NoticiasFaciles: 8.6%), no criterion has been found for their choice. Therefore,
only the category presence/absence has been established with scientific rigor. The exception to this homogenizing
logic is found in the mentions of other profiles on “Ac2ality”. This resource is only used in 5.7% of the corpus.

On observing the levels reached by the metadata of the three most habitual formats in the corpus, the
first point that attracts attention is that news items are present at all levels, tending to appear with higher
percentages in the intermediate ranges (C and B); except for the case of “likes”, where they appear at low
level (D) and intermediate (C). This expanded presence at all levels is logical, given that it represents 63.6%
of the corpus. Hereafter are the internet clips, which, except in “comments” (where they only reach levels D,
C and B), in the remaining metadata place videos in all ranges. But, additionally, this format places a greater
percentage of videos at the very high level (A) when it reaches this (for example, 19% in the case of “views”).
Finally, the metadata of the summaries tend to place this content at the lowest levels: low (D) and intermediate
(C). Only in two of the five metadata (“views” and “shared”) do some of these videos reach the high level (B).

Table 5: Level of Interaction with the Videos (% Horizontally).

Category (total) Comments Like
e D | ¢ | B | A D | C | B | A
Consistent with Format
News item (110) 24.6 454 254 4.6 364 41.8 17.2 4.6
Summary (30) 90 10 0 0 634 36.6 0 0
Clips (21) 38 28.5 335 0 52.5 28.5 9.5 9.5
Advertising (5) 100 0 0 0 100 0 0 0
Others (7) 57.2 42.8 0 0 57.2 42.8 0 0
Consistent with Presence of Team Responsible

Start (79) 52 33 14 1 50.7 36.7 10.1 2,5
Start and end (20) 30 25 35 10 30 50 20 0
Constant (42) 26.2 411 214 4.7 38 40.6 14 .3 7.1
Absent (32) 40.7 343 25 0 53.2 31.3 9.3 6.2

Observation of the scope of the metadata based on the manner in which members of “Ac2ality” appear
does not permit us to indicate clearly that some stimulate more participation than others. VWe can merely state
that appearing at the start and the end tends to generate a better result of a metadatum related with the use of
the video, but, even so, they remain chiefly at the intermediate (C) and low (B) levels. However, this profile can
be seen to have somewhat more potential to generate comments: 10% reach the very high level, where only
4.7% of the videos with a constant presence appear and 1% of those in which the presence is concentrated at
the start. That said, these latter two options do have some videos at the highest level in all the metadata. From
the perspective of audience activity, the most ill-advised option would be absence. Nevertheless, the reaction
is also uneven depending on which metadatum is observed. In the interaction with the audience the values
dominate at the lowest level (“‘comments™ 40.7%; “like™ 53.2%). But, conversely, regarding the use of the video,
the metadatum of the views of the material in which the staff of “Ac2ality” does reach the highest level (12.5%).
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Table 6: Level of Video use (% Horizontally).

Category (total) Saved Shared Viewed
gy D | C| B|]A|DJ]C]|B|A|DI|]C][BI]A
Consistent with format
News item (110) 21 51 1226 54 | 281 ] 29 | 319 9 272 | 30 | 319 9
Summary (30) 634 | 36.6 0 0 734 | 134 10 0 53 | 335 | 135 0
Clips (21) 238 | 525 | 142 | 95 95 | 238 238 | 142 | 23.8 | 23.8 | 285 19
Advertising (5) 40 40 20 0 40 40 20 0 80 20 0 0
Others (7) 42.8 | 57.2 0 0 715 0 28.5 0 572 | 285 | 143 0
Consistent with Presence of Team Responsible

Start (79) 367 | 481 | 114 | 38 | 468 | 278 | 165 | 63 | 392 | 291 | 253 5
Start and end (20) 5 65 30 0 15 25 55 5 15 35 45 5
Constant (42) 284 | 40.6 | 239 | 71 31 [ 261 | 31 95 | 356 | 31 214 12
Absent (32) 313 ] 50 | 125 | 62 [ 281 | 156 ] 281 | 93 | 281 | 25 25 | 125

Interesting correlations have been detected between metadata and subject regarding news items. In
contrast, the application of the variable of the cited media as the original source did not allow for an in-
depth analysis; the diversity of the media mentioned meant that occasional appearances dominated, which
prevented the establishment of clear correlations.

The news items that deal with international matters, which are those that have the greatest weight in the
body of news (32,29%), tend to place their metadata at the intermediate level (C): 18 appear in “‘comments”
and “likes” respectively, and 21 in “saved”. As differential elements, it must be highlighted that 10 do reach
high level (B) in “views” and that one reaches very high (A) in “comments”.

The metadata of news on the private life of public figures, the second subject matter by volume
(21,19%), are present at all levels and, also, in quite a balanced way. In “comments” and “likes”, a similar
number appears (between 5 and 8) in D, C and B. In “saved”, the highest proportion (10) appears at the
intermediate level (C); in “shared”, 12 appear at the low level (D) y, in “views”, 9 at a high level (B). But,
in all the metadata, some videos always reach the highest level: 1, (in “saved”); 2, (in “comments”, “likes”
and “shared”), and 3, in “views”.

The metadata for news on science and health, despite making up only 11% of the total, with 12 videos,
also tend to be present at all levels, but, in comparison with the news items on the private life of public
figures, they are usually placed at higher levels, between C and A. As regards interaction, the highest
number of videos are to be found at the intermediate level (5: “comments” and 6: “likes”). In the metadata,
the greatest number of videos appears in the high range (5: “saved”; 4: “shared” y 6: “views”). But perhaps
the most striking point is that five videos reach the highest level in “shared”; two reach this in three metadata
(“likes”, “saved” and “views”) and one does so in “‘comments”.

The news items on technology, with the same weight on the corpus as those on science and health, also
tend to appear at all levels of the metadata. However, although they also reached the highest level (one in
“likes”; three in “saved” and two in “shared” and “views”), the tendency is to remain at lower levels (D and C).

The metadata for the 10 news items on politics (Spain), which make up 10% of the news items,
tend to be concentrated at the intermediate level (C). Here there are between five and seven videos in
the metadata for “comments”, “likes”, “saved” and “views”. Only one video reaches the highest level in a
metadatum (“shared”).

The remainder of the subjects have little weight in the corpus. In their analysis, we can emphasize that
only one video on sports (in “comments”) and two on culture (in “views”) reach the very high level (A),
which are precisely the subjects with the least weight 4.5 and 3.7%, respectively). For the remainder the
metadata on news regarding gender-based violence tend to be placed at the intermediate levels (C and B),
and in the case of the economy, at the lowest level (D).

4. Discussion and Conclusions

Although we cannot access the meaning of the algorithms directly (Andersen, 2020), we consider our
methodology venture to be very suitable. This has allowed us to obtain information of great interest to
consider the way in which the audiences interact with contents produced by people who are presented
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as peers (Fisher & Mehozay, 2019; Rifkin, 2000). In a first phase of the fieldwork, on observing that the
length of time a content remains open does not influence the metadata, we realised that the consumption
of “Ac2ality” on TikTok is ephemeral. Later, during the development of the fieldwork, the analysis based
on the “ad hoc” definition of ranges to determine the levels of participation registered by each metadatum
of use has been very rewarding.

After the refutation of the first hypothesis, it is clear that the metadatum chosen as the parameter to measure
success on TikTok is not trivial, given that the metadata of use for a single content do not tend to coincide
at the same activity level (low, intermediate, high and very high). Linear correlation has only been detected
in 25% of the sample and occurs mainly at low levels, which are those where most videos come together.
Therefore, on analysing the reach of a content, the metadatum observed must be taken into account and, in
its interpretation, it cannot be taken as given that there is a linear correlation, particularly when the metadatum
used indicates high activity. Secondly, based on the work for verification of the second hypothesis, we have
detected phenomena presenting very useful knowledge for the design of network contents. The analysis of
the “Ac2ality” case has allowed us to observe, on the one hand, that the contents with greater presence do
not always have the highest levels of participation, and the same is valid for the contents that the channel uses
to promote itself by identifying them as distinctive or unique —here we are referring to summaries of news
items— and, on the other hand, that the absence of people on the videos that represent the channel is not an
obstacle to obtaining good results. Thus, as an example of this reflection, issues that “Ac2ality” barely handles
can reach high levels of activity, as has been verified in news items on science and health, or that, although
the absence of the figure of the presenter does seem to reduce interaction, this is no obstacle to achieving
high levels in the viewing metadatum.

We believe that this work may be of great assistance to address the study of audiences with the new focus
demanded by the current digital socio-technological context. The growth of audience activity online is generating
an increase in the available range of metadata of use and, therefore, it would be convenient to consider how to
reach a consensus on which to use to determine the positioning reached by a content. VWe also believe it would
be interesting to enquire into the pertinence of differentiating between audiences and followers. This idea arose
after finding that it is easier to achieve higher levels of participation in the metadata that measure the use of the
video (save, share and view) than in those that register the direct interaction with same (comments and likes).
The audience would be those who only use the video without interacting with it, while the followers would be
those who, in addition, become involved by having dialogue with the content and marking their acceptance. In this
way, it is logical that the higher activity would occur in the metadata of video use, where the two profiles meet.

Nevertheless, carrying out this study has also brought many questions to mind. Due to space constraints,
we ask only two of them here. First of all, what influence do the algorithms have when it comes to reinforcing
(a) one type of participation over another; (b) one content over another or (c) one format over another?
And, secondly, is it possible that the algorithms stimulate participation on contents and strategies whose
success is already marked by the traditional media? The emergence of news regarding people’s private
lives or the presenting of sensationalist texts to attract attention or contents and strategies that already
work outside the web and, at least in the case of “Ac2ality”, also seem to bring about successful outcomes.

That said, to counter the problems that Livingstone (2019) quite rightly noted, the partiality and
decontextualization of much of the available studies, we consider that it is indispensable to complement this
type of work with representative population samples. For example, the results and conclusions obtained here
are a good starting point for the development of specific surveys on samples of “Ac2ality” users on TikTok.
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